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Abstract. Clinical documentation software has learned to record the patient. Ambient scribes now capture
pregnancy, kidney and liver function, age, weight, allergies and current medicines from the spoken encounter
with high fidelity. Recording a patient’s state, however, is not the same as reasoning about it: the danger of
a prescription is frequently a property not of the medicines alone but of the medicines in a particular body.
We formalise prescription safety as a function of the pair (prescription, patient state), with an output space
that includes an explicit abstain decision, and we state five measurable design criteria for a point-of-care
verifier: it is right whenever it answers (C1); it never guesses, so that an invented drug, dose or finding, a
silently dropped line, or a false “safe” counts as failure (C2); its certain coverage rises toward the whole
prescription (C3); it is invisible to the prescriber unless it matters (C4); and its cost per prescription is
low enough for population-scale use (C5). We describe Relaya Rx, a verifier built to these criteria that
runs inside Relaya’s prescription workflow, and we argue that the Indian prescribing setting, with its brand-
name multiplicity, fixed-dose combinations and code-mixed Hindi and English dictation, is an unusually
demanding test bed for them. In a paired evaluation on 2 October 2026, nine synthetic high-risk cases were
given to Relaya Rx and to a commercial AI medical scribe. Relaya Rx stopped five of the nine dangerous
prescriptions before signature; the scribe stopped none and raised a warning in two. In the five cases where
the danger was a property of the patient’s body, Relaya Rx identified it in four and the scribe in none. We
describe a frozen, 190-case blind evaluation set and the protocol by which it will be scored.

Keywords: medication safety; clinical decision support; prescribing; pregnancy; renal impairment; hepatic
impairment; selective prediction; abstention; alert fatigue; ambient clinical documentation; India; code-
mixed speech

1 Introduction
Medication harm remains one of the largest preventable
burdens in health care. The World Health Organiza-
tion’s third Global Patient Safety Challenge, Medication
Without Harm, set the goal of reducing severe, avoidable
medication-related harm by 50% globally within five
years [1]. A generation of evidence underlies that goal.
To Err Is Human placed medical error among the lead-
ing causes of death in the United States [2]. Bates and
colleagues found 6.5 adverse drug events per 100 non-
obstetric admissions, 28% of them preventable, with er-
rors arising most often at the ordering stage [3]. A meta-
analysis of prospective studies estimated the incidence
of serious adverse drug reactions among hospitalised pa-
tients at 6.7% and of fatal reactions at 0.32% [4]. In
ambulatory care, 25% of patients receiving a prescrip-
tion experienced an adverse drug event [5], and across
care settings medicines account for roughly a quarter of
preventable patient harm [6].

In parallel, documentation artificial intelligence has

entered clinical practice at unusual speed. Ambient AI
scribes that listen to the encounter and draft the note
have moved from pilot to deployment across large health
systems within two years [7, 8, 9, 10], and the first ran-
domised trial reported a reduction in documentation
time with one of the two scribes tested [11]. Safety
evaluations of such systems have concentrated, appro-
priately, on fidelity: whether the note says what was
said, without hallucination or omission [12].

This paper concerns the step after fidelity. A note can
faithfully record that a patient is ten weeks pregnant
and, in the next section, faithfully record a prescription
for an angiotensin-converting-enzyme inhibitor. Both
statements are correct. The prescription is still danger-
ous [13, 14]. We call this the gap between recording a
patient’s state and reasoning about it, and we argue that
it is now the frontier of prescription safety at the point
of care.

Relaya Rx is a prescription verifier designed for that
frontier. It runs inside Relaya’s prescription workflow,
between the clinician’s dictation and the signed prescrip-
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tion. This report (i) formalises the problem (Section 2);
(ii) states the design criteria to which Relaya Rx is built,
as measurable properties rather than mechanisms (Sec-
tion 3); (iii) describes the evaluation methodology, in-
cluding a frozen blind case set (Section 4); (iv) reports
a paired evaluation against a commercial AI medical
scribe (Section 5); and (v) discusses implications and
ongoing work (Sections 6 to 8). Implementation details
are outside the scope of this report.

2 Problem Formulation
Prescriptions. A prescription is a finite sequence of
lines

x = (ℓ1, . . . , ℓn), ℓi = (di, qi, fi, τi, ri, σi), (1)

where di is the medicine (resolved to its molecule or
molecules, since a single brand may be a fixed-dose
combination), qi the dose with its unit, fi the fre-
quency, τi the duration, ri the route and form, and
σi ∈ {new,continued, stopped} the line’s status. In
practice x is not given: the clinician produces an utter-
ance or text u, and x̂ denotes the prescription as the
verifier reads it from u.

Patient state. The patient is described by a state vec-
tor

s = (g, e, c, a, w, A, M, K), (2)

comprising gestational status g (including gestational
age), renal function e (for example eGFR), hepatic func-
tion c (for example Child-Pugh class), age a, weight w,
the allergy set A, the set of current medicines M , and
the set of active conditions K.

Danger. Let H(x, s) denote the set of clinically signif-
icant dangers present when prescription x is given to a
patient in state s. It decomposes as

H(x, s) = H1(x)∪H2(x, s)∪Hs(x, s)∪Hu(x, s, h), (3)

where H1 collects dangers intrinsic to a single line (a
dose above an absolute ceiling, a unit error such as mil-
ligrams for micrograms), H2 collects pairwise dangers
between two lines, or between a line and an entry of M
or A (drug interactions, therapeutic duplication, drug
allergy), Hs collects dangers that arise from the state of
the patient’s body, the components g, e, c, a, w and K of
s, and Hu collects upstream dangers that depend on the
medication history h: prescribing cascades, in which a
new medicine treats the adverse effect of an existing one
[15], and withdrawal or rebound risk when a medicine
is stopped.

Definition 1 (Patient-conditioned danger). A danger
δ is patient-conditioned for prescription x if there exist
states s, s′ such that δ ∈ H(x, s) and δ /∈ H(x, s′).

The definition makes precise a familiar clinical fact:
the same text is safe for one patient and harmful for
another. Metformin 1000 mg twice daily is routine at

an eGFR of 80 and contraindicated at 22 [16]; gliben-
clamide is common in middle age and listed as poten-
tially inappropriate in older adults because of prolonged
hypoglycaemia [17]. No inspection of x alone can detect
such dangers, and a system that reads x perfectly and
checks every pair perfectly will still miss them unless it
reasons over the state of the body.

Verification. A point-of-care verifier is a map

V : (u, s) 7→ (x̂, y), y = (y1, . . . , yn), yi ∈ Y , (4)

with output space

Y = {clear, abstain}
∪ {warn(δ), stop(δ) : δ ∈ H(x, s)}.

(5)

clear asserts that the line is correctly read and
fully checked with no significant danger; warn(δ) and
stop(δ) report a danger δ with a recommendation to re-
view or a requirement to resolve before signature; and
abstain states, in one line to the prescriber, that the
system is not certain about that line. The inclusion of
abstain is a deliberate design choice that follows the
reject-option tradition in decision theory [18] and the
selective-prediction literature [19, 20]: an honest “not
certain” is a valid and safe answer; a confident wrong
answer is not.

3 Design Principles
We state the design of Relaya Rx as five properties, each
paired with a measurement. Together they specify what
the verifier must achieve and how that is checked, in-
dependently of how it is achieved. They derive from a
single objective set by the company: an invisible system
that is right in every scenario it answers and, where it
cannot be certain, cannot guess.

3.1 C1: right whenever it answers
Every statement the verifier makes (medicine identity,
strength, dose, frequency, duration, route, status, find-
ing and verdict) must be correct against the case’s ref-
erence answer. Writing W for the number of wrong
statements over the lines on which the verifier did not
abstain,

W (V ) =
∑
cases

∑
i : yi ̸=abstain

wrong(ℓ̂i, yi), (6)

C1 requires W (V ) = 0. In the language of selective
prediction [19, 20], C1 is a requirement of zero selective
risk.

3.2 C2: never guesses
Whatever the verifier cannot establish with certainty is
marked not certain, in one prescriber-facing line. Four
events are outright failures: an invented medicine, an in-
vented dose, an invented finding, and a silently dropped
line. A fifth, the false safe, is singled out because it is
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Table 1. Design criteria for a point-of-care prescription verifier, with their measurements and targets.

Property Measurement Counted as failure Target

C1 Right whenever it answers Wrong statements per output;
share of outputs with zero wrong
statements

Any incorrect identity, strength,
dose, frequency, duration, route,
status, finding or verdict

0

C2 Never guesses Count of each violation kind An invented drug (wrong molecule,
or a non-drug read as a drug); an
invented dose or finding; a silently
dropped line; a false clear (“safe”
for a line that is not fully checked
or not certain)

0

C3 Coverage Lines resolved and fully checked ÷
all lines; cases with no abstain line
÷ all cases

Never improved by trading a C2 vi-
olation for an answer

→ 1

C4 Invisible Interruptions (warn or stop) per
prescription; false interruptions on
clean cases and clean lines, as
count and rate

An interruption where H(x, s) = ∅ false rate → 0

C5 Low cost Cost per prescription Cost that prevents use in every con-
sultation

low

the most dangerous output a verifier can produce:

FSi = 1
[
yi = clear ∧

(
∃δ ∈ H(x, s) involving ℓi

∨ ¬ checked(ℓi)
)]
.

(7)

C2 requires the count G(V ) of all five event kinds to be
zero. A false safe is worse than an abstention: the first
disarms the prescriber, the second alerts them.

3.3 C3: coverage
Coverage is the share of the prescription answered with
certainty,

φ(V ) =
|{ i : yi 6= abstain }|

n
, (8)

reported per line and per case. C3 pushes φ toward
1, but always subject to C1 and C2. The criteria are
therefore lexicographically ordered:

V ⋆ = arg min lex
V

(
G(V ), W (V ), −φ(V ), ι0(V ), κ(V )

)
,

(9)
where ι0 and κ are defined below.
Remark. The criteria bind jointly. A verifier that always
abstains satisfies C1 and C2 trivially but has φ = 0. A
verifier that warns on every line catches every danger
but has a false interruption rate of 1, which the alert-
fatigue literature shows to be unsafe in practice [21, 22,
23]. Only the joint satisfaction of (9) describes a useful
system.

3.4 C4: invisibility
Drug safety alerts in computerised order entry are over-
ridden in 49% to 96% of cases [21]; in a large outpatient
study, 52.6% of medication-related alerts were overrid-
den [22], and repeated alerts for the same patient mea-
surably reduce acceptance [23]. An interruption there-
fore has a cost, and an unnecessary one erodes the value

of every necessary one. We measure the interruption
rate ι = Pr[∃i : yi ∈ {warn, stop}] and, more impor-
tantly, the false interruption rate on clean prescriptions,

ι0 = Pr
[
∃i : yi ∈ {warn, stop}

∣∣ H(x, s) = ∅
]
. (10)

The target is ι0 → 0, with no added step for the pre-
scriber when the verifier is certain the prescription is
safe. By design, the prescriber notices Relaya Rx only
on the prescriptions where it matters.

3.5 C5: low cost per prescription
A verifier intended for every consultation in a country as
populous as India must cost very little per prescription.
Cost per prescription κ is a criterion at every evalua-
tion gate and a design constraint, not an afterthought.
Relaya Rx is built to a low cost per prescription.

3.6 The Indian prescribing setting as a test bed
We develop and evaluate Relaya Rx in Indian outpatient
practice, which we regard as an unusually demanding
test bed for the criteria above, for four reasons.

Brand multiplicity. Indian prescriptions are written
predominantly in brand names, and the same molecule
is sold under many brands. A verifier must resolve, for
example, Levipil to levetiracetam (not to the similarly
spelled levofloxacin), Daonil to glibenclamide and Thy-
ronorm to levothyroxine, in micrograms. A wrong res-
olution is a C2 failure (an invented drug), and every
judgement about that line inherits the error.

Fixed-dose combinations. Fixed-dose combinations
are prescribed widely in India [24]; of 118 systemic an-
tibiotic combination formulations sold in India in one
analysis, 64% had no record of central regulatory ap-
proval [25]. A single brand may contain two or three
molecules, each with its own constraints in a given pa-
tient. The penicillin in Augmentin is the canonical ex-
ample.
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Case authored as a stress test;
expected dangers written first

Same prescription and same patient details
given to both systems

Relaya Rx Comparator

Outputs frozen as produced

Scored against the pre-written expectation

Figure 1. The paired evaluation protocol. Expectations
are fixed before either system runs, and both systems see
identical clinical content.

Code-mixed dictation and script. Clinicians dictate in
English, Hindi, and fluid mixtures of the two, a setting
in which language technology is known to be difficult
[26]. A representative Hinglish instruction from our case
material reads:

“Patient ko Tab Tramadol 50 mg TDS dena hai
pain ke liye, aur Tab Ondansetron 4 mg SOS vom-
iting ke liye. Sertraline continue.”

Dictation and notes may also appear in Devanagari
script, for example मरीज़ को बुखार है, “the patient has fever”
(illustrative).

Error burden. A study across 13 Indian tertiary cen-
tres coordinated by the Indian Council of Medical Re-
search found unacceptable deviations from treatment
guidelines in 9.8% of 4,838 outpatient prescriptions [27],
and a South Indian study found at least one medication
error in 65.6% of 500 screened prescriptions [28].

We expect criteria met here to generalise. A verifier
that resolves brands, combinations and code-mixed dic-
tation correctly, and that abstains rather than guesses
when it cannot, faces a simpler reading task where pre-
scriptions use generic names and dictation is in one lan-
guage, while the body-state reasoning task, Hs, is the
same in every country.

4 Evaluation Methodology
4.1 Paired protocol
Our comparative evaluations follow a paired protocol
(Figure 1). (1) Each case is authored as a pharmacol-
ogy stress test, and its expected dangers are written
down before either system is run. (2) Both systems re-
ceive the same clinical content: the same prescription
and the same patient details, each through the system’s
normal input route. (3) Outputs are frozen as produced.
(4) Each output is scored against the pre-written expec-
tation. Because both systems see identical cases, the
comparison is within-case, and differences cannot be at-
tributed to case selection.

Table 2. Composition of the frozen blind evaluation set.

Family Cases Expected outcome

Extraction 70 reading only
Safety 60 42 stop, 18 warn
Upstream 20 cascade, withdrawal
Clean controls 40 no interruption

Total 190
of which Hinglish 19
of which Devanagari 5

4.2 Endpoints
For the comparative study we report three endpoints.
E1, dangerous prescriptions stopped: the system holds
the prescription before signature for the prescriber’s
attention. E2, body-state dangers identified: among
cases whose principal danger lies in Hs, the share in
which the system names it. E3, specified dangers iden-
tified across all cases, scored per case with credit 1 for
full identification, 1

2 for partial identification and 0 oth-
erwise. We also report the share of cases in which a
system raised any safety warning. The paired study
measures detection; the criterion-level measures C1 to
C5 are taken on the blind set described next.

4.3 The frozen blind set
For the criterion-level evaluation of C1 to C5 we con-
structed a blind set of 190 cases (Table 2). It contains
70 extraction cases, in which the task is reading alone
and no danger is expected; 60 safety cases, of which
42 require a stop and 18 a warning; 20 upstream cases
(10 prescribing-cascade and 10 withdrawal-on-stopping
cases); and 40 clean controls, prescriptions with no
significant danger on which any interruption counts
against C4. Nineteen cases are dictated in Hinglish and
five in Devanagari. Every case carries the same schema:
input text, patient state, reference record, expected find-
ings, statements the output must not contain, and cita-
tions.

The set was frozen on 4 October 2026 by recording
the SHA-256 digest of each of its files, so that any later
change is detectable; the digest of that record is pub-
lished in the Declarations. Builders never see it: no one
who develops Relaya Rx opens it, and before scoring,
all development material is searched for its case texts
as a contamination check. Scoring uses the reference
answer for each case; no comparison system defines the
pass criterion.

5 Results: Paired Evaluation
5.1 Cases and comparator
On 2 October 2026 we ran a paired evaluation of Re-
laya Rx, in the configuration running inside Relaya’s
prescription workflow on that date, against a commer-
cial AI medical scribe. Ten synthetic high-risk cases
were authored; one (a hyperkalaemia case) was not run
on the comparator and is excluded, leaving nine paired
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cases (Table 3). The cases span the danger taxonomy
of Figure 2: five place the principal danger in the pa-
tient’s body (pregnancy, kidney, liver, a child’s weight,
older age with kidney disease), and four are pairwise,
a medicine with another medicine or with a recorded
allergy. For the comparator, patient details were dic-
tated as part of the encounter, its native input mode; for
Relaya Rx they were provided as a structured patient
record. The clinical content was identical. The compar-
ison is between two products in their normal workflow,
a documentation system and a verifier. Holding a pre-
scription before signature (E1) belongs to a verifier’s
workflow; naming a danger (E2, E3) is open to both,
and the comparator did raise safety warnings, in two
cases.

5.2 Primary results
Table 4 and Figure 3 summarise the endpoints. Re-
laya Rx stopped five of the nine dangerous prescriptions
before signature (E1); the comparator stopped none. In
the five body-state cases, Relaya Rx identified the dan-
ger in four, and the comparator in none (E2). Across
all nine cases, the per-case score for specified dangers
identified was 5.5 for Relaya Rx and 1.5 for the com-
parator (E3). The comparator raised a safety warning
of any kind in two of the nine cases.

5.3 Where the difference lies
The comparator’s two warnings both fell in the pair-
wise class: an anticoagulant interaction in T4, which
it explained clearly, and the penicillin allergy in T10,
recorded as an inline caution beside a prescription that
otherwise proceeded. Pairwise interaction checking is
a mature category and was the comparator’s strongest;
even there, Relaya Rx flagged the serotonin-syndrome
risk of tramadol with sertraline in the Hinglish case
(T3), which the comparator did not, and stopped the
Augmentin prescription in the patient with penicillin
anaphylaxis (T10), naming the allergy as a contraindi-
cation. The difference between systems concentrated
where the danger is a property of the patient’s body.
In each of the five body-state cases the comparator
recorded the relevant state correctly in its own note (an
eGFR of 22, Child-Pugh class C with prior encephalopa-
thy, ten weeks of gestation, a weight of 14 kg, an eGFR
of 25 at age 79) and then issued the prescription without
comment. Relaya Rx stopped the metformin prescrip-
tion at an eGFR of 22, stopped the benzodiazepine in a
patient with prior hepatic encephalopathy and flagged
the 4 g paracetamol dose, flagged glibenclamide at age
79 as a cause of prolonged hypoglycaemia, and stopped
the pregnancy prescription described below. The case
that neither system resolved was weight-based paedi-
atric dosing (T5).

5.4 Vignette: pregnancy at ten weeks
Case T7 illustrates the gap between recording and rea-
soning. A 29-year-old woman, 68 kg and ten weeks
pregnant, with chronic hypertension, dyslipidaemia and
acne, is prescribed enalapril 5 mg once daily, atorvas-

tatin 20 mg at night, and doxycycline 100 mg twice daily
for seven days. None of the three should be contin-
ued. Enalapril carries a boxed warning for fetal toxic-
ity, and its labelling directs that it be discontinued as
soon as possible once pregnancy is detected [14]; first-
trimester exposure to angiotensin-converting-enzyme in-
hibitors has also been associated with major malfor-
mations [13]. Statins remain contraindicated in preg-
nancy in United Kingdom labelling [29]; United States
labelling no longer lists the contraindication, following
a 2021 request by the Food and Drug Administration,
which still advises that most pregnant patients stop
them [30]. United Kingdom guidance states that oral
tetracyclines are contraindicated during pregnancy [31].

Comparator output. The scribe produced a well-
structured note. Its demographic section stated the ges-
tational status as ten weeks pregnant. Its medication
table listed all three medicines with their doses and fre-
quencies (two of them mapped to specific commercial
brands that were not dictated). No warning, caution or
comment accompanied any of the three.

Relaya Rx output. Relaya Rx stopped the prescrip-
tion before signature. It identified enalapril as con-
traindicated in pregnancy, naming fetal renal dysgene-
sis, oligohydramnios, skull ossification defects and fetal
death as the risks, and proposed pregnancy-compatible
alternatives for blood pressure control. It flagged ator-
vastatin, to be stopped until after delivery, and doxycy-
cline, a tetracycline, as unsafe in pregnancy. All three
dangers were identified.

Both systems therefore knew the patient was preg-
nant. Only one acted on it.

6 Discussion
Body-state reasoning is the frontier. Clinical decision
support has historically centred on pairwise interaction
checking [32], and in the paired evaluation it was the
comparator’s strongest category. Body-state dangers
are different in kind. They are invisible in the prescrip-
tion text, they depend on variables that change over
a pregnancy or with a single creatinine result, and, by
Definition 1, they cannot be detected without condi-
tioning on s. Ambient documentation now carries the
state spoken in the encounter into the record without
additional data entry [7, 11]. The opportunity, and the
responsibility, is to reason over it. Our results indicate
that faithful capture of s is not by itself sufficient: in
every body-state case the comparator’s note contained
the decisive fact.

Abstention is a safety property. Most safety tooling
has two outputs, an alert or silence, and silence is read
as “safe”. This conflates two different states: checked
and safe, and not checked. Equation (7) separates them.
By making abstain a first-class output and by counting
a false clear as a failure, the design converts the most
dangerous failure mode of a verifier, false reassurance,
into the least dangerous one, a request for the clinician’s
attention on one line. The cost of abstention is coverage,
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Danger in a prescription
H(x, s)

Intrinsic H1(x)
one line alone

Pairwise H2(x, s)
line with line, M or A

Body state Hs(x, s)
line with the body

Upstream Hu(x, s, h)
line with history

dose above a ceiling
mg written for mcg
wrong dosage form

QT-prolonging pairs
anticoagulant interactions
drug allergy

pregnancy (gestational age)
renal and hepatic function
age, weight, illness

prescribing cascades
withdrawal and rebound
on stopping a medicine

served by established dose, interaction and allergy checking the frontier: danger lies in the patient’s body and history

Figure 2. A taxonomy of prescription danger following Equation (3). Pairwise checking, of interactions and of drug allergy,
is a mature category. Dangers conditioned on the state of the body and on medication history require reasoning over s and
h; the body-state category is where the paired evaluation found the largest difference between systems.

E1 stopped E2 body state E3 danger score
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Figure 3. Endpoints of the paired evaluation. Labels give
the counts; bar height is the share of the maximum, out of
9 cases for E1 and E3 and out of 5 for E2.

which is measured (C3) and driven upward; the cost of
a guess is a patient.

Invisibility is a safety property too. The override lit-
erature [21, 22, 23] shows that the marginal alert has
negative value once alerts become frequent. A verifier
that is right whenever it answers, and silent when the
prescription is clean, preserves the signal value of every
interruption it does make. C4 is accordingly measured
on clean controls, not only on dangerous cases.

What population-scale use requires. Universal verifica-
tion, in which every prescription in every consultation
is checked against the patient, is a different engineering
target from selective decision support for hospital order
entry. It requires reading in the language and script the
clinician actually uses, resolving the brands and com-
binations actually prescribed, adding no step for the
prescriber when the prescription is safe, and costing lit-
tle enough per prescription to be offered everywhere.
These are the requirements behind C1 to C5, and they
are why we treat the Indian outpatient setting as the
proving ground.

7 Ongoing Work
Blind-set evaluation. The 190-case blind set of Sec-
tion 4 is frozen and is the next scheduled measurement.
It will report C1 to C4 with denominators, including
the false interruption rate on the 40 clean controls; C5,
cost per prescription, is a constraint at every gate.

Coverage toward the whole prescription. C3 is being
driven toward 1 across brand resolution, combination
products, code-mixed dictation and Devanagari input,
and no evaluation gate is passed unless C1 and C2 are
zero on every case.

Upstream reasoning. The upstream family Hu, com-
prising prescribing cascades [15] and withdrawal or re-
bound risk when a medicine is stopped, extends veri-
fication from the current prescription to the patient’s
medication history. Twenty of the blind cases test it
directly.

Weight-normalised paediatric dosing. The one paired
case that neither system resolved, a child’s dose ex-
pressed per kilogram, is an active target and is repre-
sented in the blind set.

8 Limitations
The paired evaluation used synthetic cases written by
the developer’s team, which also scored the outputs and
was not blinded to system identity. The sample is small
(n = 9), each system was run once per case, and no pa-
tient outcomes were measured. The paired study scored
the specified dangers; it did not score every other state-
ment in each output, which the blind set measures under
C1 and C2. The comparator was assessed on its gener-
ated note; notices displayed transiently on screen but
not carried into the note were not captured. Results de-
scribe each system as configured on the test date. The
blind-set evaluation of Section 4 enlarges the sample
from 9 to 190 cases, adds 40 clean controls, and scores
every output against a reference answer frozen with the
cases.
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Table 3. The nine paired cases. All are synthetic; expected dangers were written before either system ran. Case identifiers
follow the original authoring sequence.

Case Class Patient state Prescription and expected danger

T1 Pairwise 67 y, male; atrial fibrillation on amiodarone; pneu-
monia

Clarithromycin with amiodarone: QT prolonga-
tion, raised amiodarone exposure

T2 Body state 76 y, female; CKD stage 4, eGFR 22 Metformin 1000 mg twice daily contraindicated be-
low eGFR 30; gabapentin and ciprofloxacin need
renal dose reduction

T3 Pairwise 44 y, female; on sertraline Dictated in Hinglish. Tramadol with sertraline:
serotonin syndrome and seizure risk; ondansetron
adds serotonergic load

T4 Pairwise 59 y, female; mechanical mitral valve on warfarin Fluconazole and metronidazole both potentiate
warfarin: INR rise, bleeding

T5 Body state 4 y, male; 14 kg; fever Paracetamol syrup at 143 mg/kg/day and ibupro-
fen at 43 mg/kg/day, both above weight-based
maxima

T6 Body state 58 y, male; cirrhosis, Child-Pugh C, prior hepatic
encephalopathy

Alprazolam may precipitate encephalopathy;
paracetamol 4 g/day exceeds the hepatic ceiling

T7 Body state 29 y, female; 10 weeks pregnant; hypertension,
dyslipidaemia, acne

Enalapril (fetal toxicity), atorvastatin and doxycy-
cline: none to be continued in pregnancy

T9 Body state 79 y, male; CKD stage 4, eGFR 25 Indian brand names. Daonil (glibenclamide): pro-
longed hypoglycaemia in older adults; Levipil (lev-
etiracetam) needs renal dose reduction

T10 Pairwise 52 y, female; penicillin anaphylaxis; on methotrex-
ate

Augmentin contains amoxicillin; amoxicillin and
diclofenac reduce methotrexate clearance

Table 4. Paired evaluation, 2 October 2026 (n = 9). The
comparator raised a safety warning of any kind in 2 of 9
cases.

Endpoint Relaya Rx Comparator

E1 Prescriptions stopped 5/9 0/9
E2 Body-state dangers found 4/5 0/5
E3 Dangers identified (score) 5.5/9 1.5/9
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